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Abstract 
Artificial intelligence (AI) has changed e-commerce by letting customers have experiences 
that are unique and tuned to their needs. This essay looks at how the industry currently 
handles ethics issues related to AI-powered personalization in online shopping, as well as 
how customers feel about these issues. A lot of information about customers is used by 
AI-driven customizing to guess what they'll like, suggest goods, and make the user 
experience better. This makes customers happier and more interested, but it also raises 
serious social questions. Some of the most important problems are invasions of privacy, 
unfair algorithms, and manipulating people's choices. Using complex AI systems to get 
more customers interested and boost sales is often the top priority in many industries. 
To make specific suggestions, these systems look at things like past browser history, 
buying habits, demographics, and even social media use. But because these formulas 
aren't clear, and they could be used to discriminate, they put consumers' privacy and 
freedom at risk. How different consumers feel about customization driven by AI varies. 
Many people like how personalized choices are helpful, but more and more people are 
worried about data privacy and the fairness of automated decision-making. Many people 
are worried that they don't know how their data is being used and that AI systems could 
promote biases or change people's opinions without them knowing. 
Keywords: AI-Powered Personalization, E-Commerce, Ethical Considerations, Consumer 
Privacy, And Algorithmic Transparency 
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Introduction 
AI has changed e-commerce by making it possible for users to have more personalized 
experiences by using complex algorithms to look at huge amounts of customer data. This 
method, called AI-powered customizing, tries to make customers happier and more 
interested by making suggestions and ads more relevant to each person based on their 
actions and likes. This method has big advantages in terms of boosting sales and making 
users happier, but it also brings up serious moral questions that affect both how 
businesses work and how customers see things. A lot of people are worried about their 
privacy because AI is being used more and more in online shopping. AI-powered systems 
depend on gathering and studying personal information to make in-depth profiles of each 
user. A lot of the time, this data is collected without the person's clear permission [1]. 
This makes people wonder what the moral implications are of data protection, keeping, 
and use. More and more people are worried about how their personal information is being 
used, which has led to calls for more openness and control over how data is used in 
digital trade [2]. Getting rid of algorithmic bias is important for making sure everyone is 
treated equally and stopping unfair results from happening in personalized user 
interactions. Figure 1 shows the moral problems with personalization based on AI, 
focusing on privacy, openness, and fairness to avoid bias and protect user control. From 
a business point of view, AI-powered customizing is mostly used to get customers more 
involved and make more money. Companies put a lot of money into creating and using 
AI systems that can accurately guess how customers will act and what they will like [3]. 

 
Figure 1: Ethical Considerations in AI-Powered Personalization 

 
A big problem for everyone in the industry is still finding the right balance between 
business goals and social duties to protect customer trust and safety. People have 
different feelings about customization driven by AI. Many people like how convenient it 
is to get personalized shopping suggestions and suggestions based on their likes. 
However, concerns are growing about the privacy risks that come with personalization. 
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People are worried about how clear it is that companies collect their data, how fair it is 
that algorithms make decisions, and how AI systems could change people's choices 
without them knowing it. These worries show how important it is to communicate more 
clearly, protect people's privacy better, and give people more power in digital trade [4,5]. 
 
Background 
Ethical issues in AI-powered personalization have been studied in a number of distinctive 
regions, displaying each the pros and cons of personalized digital interactions. A whole 
lot of studies have been executed on how AI packages have an effect on purchaser 
conduct, privacy issues, and rules which can be intended to lower risks and inspire honest 
commercial enterprise practices online. With the intention to make personalized pointers, 
researchers have appeared into how AI structures accumulate and have a look at records 
approximately users [6]. Studies show that AI-powered personalization increases severe 
privacy worries, although it makes users happier and more engaged via fitting cloth to 
their precise tastes [7]. Purchasers are concerned about privateness and data security, 
and research indicates that we need to be clear approximately how we collect and use 
data and deliver customers manipulate over these tactics [8]. Additionally, research has 
been carried out on the moral consequences of statistical bias in tailoring powered with 
the aid of AI. Whilst algorithms are taught the use of past information, they can make 
stronger biases based totally on race, gender, or economic class. This will motive specific 
guidelines to be unfair or biased. Researchers stress how essential it is to find and attach 
bias in order to make certain all and sundry is treated pretty and prevent artificial 
discrimination in virtual advertising and marketing. From a felony factor of view, experts 
have looked into the statistics safety and privateness policies which might be already in 
region to manipulate how AI is used in online buying [9,10]. research have proven that 
rules like the overall records safety law (GDPR) in Europe and comparable packages 
around the arena help shield purchaser rights and make certain that AI-driven 
personalization is transparent. A massive focus of have a look at has additionally been on 
how people feel about tailoring driven with the aid of AI [11]. 
 
Literature Review 
Ethical Frameworks in AI and Machine Learning 
In AI and machine learning, ethical frameworks are like rules that make sure these 
technologies are developed, used, and deployed in a responsible way. These models are 
necessary to address social issues and inspire moral behavior within the creation and use 
of AI structures. In ethical AI fashions, transparency is one of the most essential ideas. 
It wants AI applications to be open and clear approximately how they make alternatives 
and process data [12]. This lowers risks and makes sure that humans are held 
responsible. Every other essential concept that stresses how crucial it's miles for AI apps 
to deal with all people similarly is fairness. Fair AI systems try to stay away from bias and 
inequality, especially when it comes to sensitive things like race, gender, or financial 
status. Ethical models support methods like bias detection and prevention to make sure 
that AI programs don't make societal problems worse or make them worsen. Setting up 
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ways for people and groups to be held accountable for the choices and results AI systems 
make is part of implementing accountability in AI frameworks [13,14]. 
 
Previous Studies on AI Ethics in Personalization 
Previous research on AI ethics in personalization has looked at a number of ethical issues 
that come up when AI technologies are widely used in personalized services. Researchers 
have been trying to figure out what AI algorithms that customize content and suggestions 
based on user data mean. They want to find a balance between the benefits of 
personalization and worries about ethics. Concerns about privacy are a big part of one 
area of study. Studies show that AI-driven personalization needs a lot of data to build 
profiles of users and make sure they have the best experience possible. People worry 
about their privacy because of the chance of data leaks, illegal entry, and the use of 
personal information without permission [15]. The study looks at the strategic uses of 
artificial intelligence (AI) to help people solve problems and be creative, focusing on how 
it could be used to make decisions better [16]. The authors of study look into separation-
of-concerns problems that come up when humans and AI work together to build systems 
[17]. They focus on how faulty concepts can help improve the design process. The study  
is about human-centered AI, which supports moral and user-centered ways of interacting 
with computers[18]. The study goes into more detail about user-centered AI by showing 
how personalized mixed recommender systems have improved the user experience [19]. 
The study stresses how important real-time data merging is for making decisions based 
on data [20]. It also shows how AI can help improve cloud-based FinTech security apps, 
successfully dealing with new hacking problems. The Table 1 provide the summary of 
relate work in personalization enhancement. 
 
Table 1: Summary of Literature Review 

Application Key Findings Approach Challenges 

E-Commerce 
[21] 

Personalization 
enhances conversion 
rates and customer 
loyalty. 

Collaborative 
filtering, 
recommendation 
systems. 

Privacy concerns, 
algorithmic bias. 

Healthcare 
[22] 

AI assists in 
personalized 
treatment plans and 
patient monitoring. 

Machine learning, 
predictive analytics. 

Data privacy, 
regulatory 
compliance. 

Finance [23] AI-driven 
personalization 
improves financial 
planning and risk 
management. 

Data analytics, robo-
advisors. 

Security of financial 
data, algorithmic 
transparency. 

https://glintopenaccess.com/TGCIR/Home


 

   5  
 
 

Glob Consum Intell Rev 

Social Media 
[24] 

Personalized content 
recommendations 
boost user 
engagement. 

Natural language 
processing, 
sentiment analysis. 

Ethical use of user 
data, user consent. 

Education 
[25] 

AI customizes 
learning paths and 
improves educational 
outcomes. 

Adaptive learning 
platforms, cognitive 
computing. 

Equity in access to AI 
tools, data privacy in 
educational settings. 

Marketing 
[26] 

Targeted advertising 
campaigns increase 
ROI and customer 
satisfaction. 

Behavioral analytics, 
customer 
segmentation. 

Ad-blockers, 
consumer skepticism. 

Entertainment 
[27] 

AI suggests 
personalized content 
recommendations 
across media 
platforms. 

Content-based 
filtering, 
recommendation 
algorithms. 

Copyright issues, 
content diversity. 

Automotive 
[28] 

AI enhances user 
experience through 
personalized in-car 
features. 

IoT integration, voice 
recognition. 

Safety and security 
of AI-driven features, 
regulatory 
compliance. 

Retail [29] AI-powered 
personalization 
optimizes inventory 
management and 
sales strategy. 

Customer analytics, 
predictive modeling. 

Integration of offline 
and online data, 
consumer privacy 
expectations. 

Travel [30] Personalized travel 
recommendations 
improve booking 
conversion rates. 

Geo-location data, 
preference modeling. 

Data security during 
travel bookings, 
ethical use of 
consumer data. 

 
Different Research Approach 
Description of the Research Tool Used 
A popular way to get numeric data from a big group of people is to use surveys. 
Researchers use polls to find out how people think about, feel about, and act when it 
comes to AI-driven custom. Structured questions are often used in surveys and can be 
given in person or online [31,32]. This lets researchers look at the answers in a planned 
way and use statistics to learn about trends and opinions among different groups of 
people. Interviews are a type of qualitative study that digs deeper into people's thoughts 
and experiences. To learn more about the subtleties of AI-powered personalization, 

https://glintopenaccess.com/TGCIR/Home


 

   6  
 
 

Glob Consum Intell Rev 

researchers talk to people who have a stake in it, like customers, industry experts, or 
people who make decisions. This method lets you dig deeper into the reasons, worries, 
and motivations behind how people feel about personalized digital encounters. Interviews 
are adaptable and open, so researchers can dig deeper into specific problems or subjects 
that come up during the talks. This gives them a richer understanding of the bigger 
picture than just numbers. Case studies give a full look at how AI-powered customizing 
is used in the real world in certain business settings or with certain groups of customers. 
Researchers look at thorough case studies, which are often paired with both quantitative 
and qualitative data, to learn more about how to apply strategies, how they affect 
business results, and ethics issues [14]. 
 
Ethical Concerns and Perspectives 
Choosing the right research tools, like polls, interviews, or case studies, to find out about 
ethics issues and points of view in AI-powered personalization research rests on a few 
important factors that match the study's goals and the type of data that is needed. 
Surveys are a good way to get a lot of different opinions and numbers about ethics issues 
from a lot of different people. They make it possible for researchers to collect data on 
how people think feel, and act when it comes to AI-powered custom, the ethical 
perspective represent in Figure 2. Structured questions can be used in surveys to look at 
certain ethics problems, like fairness, privacy, trust in AI technologies, and openness. 
Researchers can find out how common ethical issues are among different user segments 
or demographic groups by looking at poll answers. 

 
Figure 2: Package Diagram for Ethical Concerns and Perspectives 

 
Interviews give people a chance to talk about worries or goals that might not come up in 
quantitative polls. This gives researchers a better picture of how people think about and 
deal with ethical problems in personalized digital settings. Case studies give us a full look 
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at the social issues and points of view that come up in real-life situations where AI is used 
to personalize content. Researchers can learn more about how to make decisions, how 
to use AI technologies, and what happens when they look at specific cases or situations 
where ethical problems have come up. 
 
Method for Data Collection 
AI Powered Methods for Gathering Data 
In the world of AI-powered customizing, getting information from industry experts, 
customers, and other important people means using specific methods that get a lot of 
different points of view. Experts in the field are usually contacted through focus groups 
and conversations. Interviews are a great way to get in-depth information about AI 
technologies and how they can be used to create unique experiences. Structured talks 
with technical experts and leaders in the field give more detailed views on new trends, 
moral problems, and the best ways to do things. Focus groups help experts talk to each 
other and share their ideas, which can show whether they agree or disagree on issues 
and new developments in the field. The opinions of consumers are very important and 
are usually gathered through polls and conversations. Surveys are a flexible way to get 
numeric information from a lot of different types of customers [15]. 
 
Follow this step-by-step approach to obtain data from surveys and case studies and 
choose relevant survey respondents: 
Step 1: Define Research Objectives 

• Define your data collecting goals. 

• Consider if you need quantitative, qualitative, or mixed data. 
Step 2: Design the Data Collection Methods 

• Surveys: Use structured questions to get quantitative data from a wide audience. 
• Case Studies: Find examples of the phenomenon you want to explore. 

Step 3: Select Sampling Methods 
• Random sampling reduces bias in surveys by giving each participant an equal 

chance. 
• Purposive sampling: Select competent or appropriate people for case studies. 

Step 4: Create Survey Tools and Protocols 
• Create straightforward, impartial, and research-aligned survey questions. 

• Create case study methods, including interview guides and data gathering. 
Step 5: Pilot Test Instruments 

• For better survey and case study questions and methods, do a tiny trial. 
• Use feedback to improve data gathering clarity and dependability. 

Step 6: Conduct Surveys and Case Studies 
• Distribute sample surveys. Choose online platforms, phone interviews, or paper 

forms dependent on your audience. 
• Collect data from case studies using interviews, observation, and document 

analysis. 
Step 7: Data Analysis 

• Analyze survey answers statistically for trends and relationships. 
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• Analysis case study data qualitatively using theme analysis to provide insights and 
narratives. 

Step 8: Validate and Report Findings 
• Compare results across approaches and research to validate. 
• Present the findings in a way that supports your study goals and highlights major 

findings and consequences. 
• This technique assures complete survey and case study data collecting for strong 

analysis and credible findings. 
 
Techniques for Identifying Ethical Themes and Consumer Perspectives 
To find ethical themes and customer views in personalization research that uses AI, you 
need to use specific methods to collect and examine complex insights. Qualitative 
methods, like theme analysis, are very useful for looking into social issues. Researchers 
read a lot of text from interviews or focus groups to find themes that keep coming up 
about privacy, fairness, openness, and trust in AI technologies. Thematic analysis lets 
you dig deep into the points of view of participants, showing the values and beliefs that 
shape how people feel about unique digital experiences. Content analysis goes along with 
this method because it organizes qualitative data in a structured way and pulls out 
common themes or stories from sources like social media conversations or customer 
feedback. Different Methods Approaches use both qualitative and quantitative methods 
together to give a full picture. Quantitative data on how people use and feel about AI 
technologies is complemented by qualitative information gleaned from theme and content 
studies. 
 
Ethical Issues in AI-Powered Personalization in E-Commerce 
Enhancing Transparency: 
Algorithmic Auditing: Implement regular audits of AI algorithms to ensure they operate 
as intended and detect any unintentional consequences. This could involve third-party 
auditors who can provide an unbiased review. 
 
Algorithmic Auditing Steps: 
Set Audit Standards: 
Define performance (P) and ethical standards (E). 
S = f(P, E)     (1) 

• where S represents the standards based on performance and ethics criteria. 
 
Establish Audit Frequency: 
Determine audit frequency (A) based on system's update frequency (U) and incident rates 
(I). 
A = g(U, I)     (2) 
• where A represents the audit frequency, which depends on updates and incident 
occurrences. 
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Use Independent Auditors: 
Engage auditors based on their independence (I) and expertise level (E). 
Q = h(I, E)     (3) 
• where Q represents the quality of the audit, influenced by the auditor's 
independence and expertise. 
 
Act on Findings: 
Implement changes based on audit findings (F) and document improvements (D). 
C = i(F, D)     (4) 
• where C represents the changes made, depending on the findings and the 
documentation of those changes. 
 
Addressing Bias and Discrimination: 

• Diverse Training Data: Use a diverse set of data for training algorithms to ensure 
that the AI systems do not propagate existing biases. This involves including a 
wide range of demographic groups in the data collection phase. 

• Bias Detection Techniques: Employ advanced statistical techniques to locate and 
correct biases that may exist within AI models. This may include the development 
of fairness-conscious algorithms that actively seek to decrease and accurate for 
biases. 

 
Bias Detection and Correction Algorithm: 
Step 1: Data Collection and Pre-processing 

• Collect diverse datasets covering a range of demographics. 
• Pre-process data for cleanliness, relevance, and diversity. 

• D_processed = clean(D_raw) 
Step 2: Initial Bias Assessment 

• Apply statistical tests to identify biases in the data. 

• Metrics include disparity in error rates and outcomes across groups. 
• B_initial = test_bias(D_processed) 

Step 3: Model Training with Fairness Constraints 
• Train model using fairness constraints like re-weighting or optimizing for equality. 
• M = train(D_processed, fairness_constraints) 

Step 4: Post-Training Bias Assessment 
• Re-evaluate the model for residual biases using initial metrics. 
• B_post = test_bias(M(D_processed)) 

Step 5: Bias Correction 
• Adjust model or parameters if biases are detected. 
• Techniques include adjusting thresholds or further tuning constraints. 
• M_adjusted = adjust_model (M, B_post) 

Step 6: Validation and Monitoring 
• Validate the adjusted model on a separate validation set. 
• Continuously monitor model performance and fairness in real scenarios. 

• V = validate (M_adjusted, D_validation) 
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Mitigating Privacy Concerns: 

• Data Minimization and Anonymization: Only collect data that is necessary for the 
specific purpose and anonymize it to protect user identities. This reduces the risk 
of privacy breaches. 

• User Consent and Control: Implement robust systems for user consent that are 
easy to understand and use. Give users more control over their data, including 
what is collected and how it is used. 

 
Findings 
AI-Powered Personalization 
Artificial intelligence (AI)-powered customization uses a variety of new methods and 
technologies to make digital experiences fit the likes and habits of each user. At the heart 
of these methods are machine learning algorithms, which look at huge amounts of data 
to guess what users will like and give them personalized content, suggestions, and 
services in real time. Collaborative filtering, content-based filtering, and mixed methods 
are some of the techniques that combine user data with item traits to make 
recommendations more accurate in a wide range of settings, such as social media, 
streaming platforms, and e-commerce. Natural Language Processing (NLP) lets AI 
systems understand and use human language. Figure 3 shows how AI-powered 
personalization works, showing how machine learning algorithms can be used to make 
material and events fit the tastes of each user. 
 

 
Figure 3: Illustrating AI-Powered Personalization Practices 

 
Cross-channel personalization takes information from many places, like how people 
browse the web, use mobile apps, and connect with brands in real life, and puts it all 
together to make a complete picture of each user. 
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Analysis of Ethical Implications and Adherence to Ethical Guidelines 
When looking at the ethical issues and following the ethical rules in AI-powered 
personalization, there are a lot of things to think about, such as privacy, fairness, 
openness, and user liberty. Because AI systems collect and study so much personal data 
to make experiences more relevant to each person, privacy concerns are very important. 
Ethical standards stress how important it is to get informed permission, keep data as 
small as possible, and handle data securely. More and more, technologies like 
collaborative learning and differential privacy are being used to protect user privacy while 
still letting personalization work well. When algorithms make decisions, fairness and bias 
are very important ethics problems. AI systems can unintentionally reinforce biases found 
in training data, which can make results unfair for some groups of people. To follow 
ethical rules, you need to use algorithms that are aware of justice, do bias checks, and 
make sure that your training samples are diverse and representative. 
 
Ethical Consideration in AI-Powered Personalization 
Personalization driven by AI shows that the industry is focused on both new ideas and 
doing the right thing. Machine learning and natural language processing are two 
technologies that make it possible to personalize things in more complex ways. This 
makes the user experience better. But ethics worries about privacy protection, computer 
bias, openness, and user liberty still exist. 
 
Table 2: Comparative Analysis of Ethical Considerations in AI-Powered 
Personalization 

Evaluation Parameter Industry Practices Consumer Perspectives 

Privacy Protection 88 74 

Transparency 75 65 

Fairness in Algorithms 70 68 

User Control 81 72 

Ethical Compliance 78 75 

 
Privacy protection becomes a top goal for the industry, with 88% putting a lot of emphasis 
on strong means to keep user data safe. To lower privacy risks, this includes using 
encryption, anonymization, and strict limits on who can access data. But 74% of 
consumers still have worries about data protection and how AI systems might use 
personal information in the wrong way, score comparison illustrate in Figure 4 for industry 
Vs consumer in analysis of Ethical Consideration. 
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Figure 4: Scores for Evaluation Parameters: Industry vs Consumer 

 
Another important thing is that AI programs should be clear. 75% of the points go to 
industry practices, which show that people are trying to use AI methods that are easy to 
understand and explain how computers make decisions. Even with all of these attempts, 
65% of consumers say they want more information about how data is collected and how 
algorithms work, as represent it in Figure 5. Making things clearer can help users 
understand and trust AI-powered suggestions, which will bring business practices more 
in line with what customers want [15]. 
 

 
Figure 5: Trends in Evaluation Parameters: Industry vs Consumer 
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Industry standards rate fairness in algorithms at 70%. This shows that there are efforts 
to create algorithms that are fair and reduce bias in personalized suggestions. A slightly 
higher percentage of consumers (68%) still have concerns about computer fairness, 
especially when it comes to making sure that users from different backgrounds are 
treated equally. 

 
Figure 6: Representation of Evaluation Parameters 

 
To handle these issues and boost user trust in AI systems, algorithms must continue to 
be improved and checked. Both businesses (81%) and customers (72% of respondents) 
pay a lot of attention to user control. Ethical compliance is high in both the business world 
(78% for industry standards) and among consumers (75%), represent in Figure 6. This 
agreement shows that people are trying to follow moral rules and legal requirements, 
which makes sure that AI is used responsibly and that businesses act in an honest way. 
 
Table 3: Compares Consumer Perspectives and Industry Practices 

Criteria 
Industry 
Practices 
(%) 

Consumer 
Perspectives 
(%) 

Difference 
(%) 

Insights 

Privacy 
Protection 

88 74 14 Industry rates privacy 
higher than 
consumers. 
Consumers may feel 
their privacy needs 
are not fully met. 

Transparency 75 65 10 Gap indicates 
consumers desire 
more clarity on how 
their data is used. 
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Fairness in 
Algorithms 

70 68 2 Close values suggest 
a general agreement 
on the importance of 
fairness, but slight 
industry lag in 
perception. 

User Control 81 72 9 Consumers want 
more control over 
their data and 
decisions made by AI. 

Ethical 
Compliance 

78 75 3 Both sectors view 
ethical compliance as 
crucial, but 
consumers show 
slight dissatisfaction. 

 
Table 3 shows a surprising contrast between how businesses act and how people feel 
about important moral issues related to AI technology. Regarding privacy protection, 
there is a big gap between how the business rates it (88% vs. 74% for consumers). The 
14% difference shows that even though businesses reflect they protect privacy well, 
consumers think their privacy needs are not fully met. This could be an area where 
businesses can be more open and reassuring about how they use data. Consumers gave 
the openness factor a score of 65%, while businesses gave it a score of 75%. These 
shows, as represent in Figure 7, that we need to be clearer about how we use customer 
data. This 10% difference shows that most people want more information, which could 
make people believe and accept AI systems more if it's provided. 

 
Figure 7: Comparison of Industry Practices vs Consumer Perspectives 
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There is a smaller difference of 2% in how fair algorithms are, with 70% of businesses 
agreeing and 68% of customers agreeing. This close agreement between the two groups 
suggests that they both know how important fairness is. However, the small difference 
in how the business sees things could mean that we need to keep improving and keeping 
an eye on computer flaws. In another important area, user control, businesses rate 
themselves at 81%, but consumers only rate it at 72%. This gap shows that people want 
to have more control over how their data is used and the choices AI makes for them, 
which suggests a need for stronger features that give users more power. The results for 
ethical behavior are pretty close: 78% for customers and 75% for the business. Both 
sides agree that following ethical rules is very important, but the small amount of 
unhappiness among consumers shows that they are still worried about how well 
businesses follow these rules. This means that strict ethical practices could help boost 
customer trust. 
 
Conclusion 
When AI-powered customizing meets ethics concerns, industry standards, and customer 
views, it shows how the world is changing because of new technologies and social 
demands. Leaders in their fields are using advanced AI methods, like machine learning 
and natural language processing, to give users more personalized digital experiences that 
make them happier and more interested. But with this growth come social problems that 
need to be carefully managed and problems that can happen ahead of time dealt with. 
People are becoming more and more worried about their privacy, especially when it 
comes to how AI systems collect, store, and use data. As a reaction, businesses have 
started using technologies that protect user information, such as differential privacy and 
secure data handling procedures. It's also important that algorithms decisions are clear, 
and there are projects working on using AI methods that are easy to understand to make 
it easier to understand how personalized suggestions are made. Also, making sure AI 
systems are fair is still a very important problem that needs to be fixed right away to stop 
flaws that could lead to unfair results. Fairness-aware algorithms and bias checks are 
steps that the industry is taking to reduce these risks and make sure that all users have 
fair digital experiences. People have mixed feelings about AI-powered personalization. 
Some are excited about customized services, while others are worried about privacy, 
fairness, and user liberty. 
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